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Abstract 

The Debye model for specific heat was studied on sodium chloride in its condensed state, which 

is considered an inorganic material. The main objective of this research is to determine the 

behavior of the molar specific heat of sodium chloride (NaCl) as a function of absolute 

temperature. The Debye temperature for sodium chloride was found to be 277.5 K. Additionally, 

the curve of molar specific heat as a function of absolute temperature can be plotted with the help 

of computer programming in MATLAB. The crystal structure of sodium chloride is in the form of 

colorless crystals in its solid state. This crystal belongs to the face-centered cubic system, and the 

crystalline structure of sodium chloride can be considered as consisting of two interpenetrating 

face-centered cubic sublattices, one for sodium ions and the other for chloride ions. These two 

sublattices are displaced relative to each other by half the length of the cube's side. 
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Abstract 

 

This study explores innovative pedagogical approaches aimed at enhancing scientific literacy in 

public science education. By exploring contemporary teaching methods and their impact on 

students' understanding and application of scientific concepts, the study highlights the importance 

of integrating interdisciplinary techniques, technology-enhanced learning, and experiential 

activities. The research underscores the role of educators in fostering a learning environment that 

encourages critical thinking, problem-solving, and effective communication of scientific ideas. 

Through a comprehensive review of existing literature and case studies, this paper provides 

insights into best practices and practical strategies for educators to implement in their classrooms 

to promote scientific literacy. 
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Abstract 

 

This study provides advanced neural techniques to investigate the role of language in the human 

brain to address linguistic relativity and linguistic determinism. It examines how these concepts 

affect human reasoning and the acquisition of moral codes. Moreover, this study focuses on the 

brain activity associated with the real-time processing model that predicts changes in brain activity 

based on word comprehension and connects linguistic neuroscience by combining insights from 

neuro-linguistics and neuropsychology to reveal the neural systems involved in the processing of 

moral rules and how the brain acquires and maintains moral knowledge. This research extends to 

the development of implants, tools for ethical design, and the search for ethics and legitimacy in 

human psychology. 
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Abstract 

 

Digitization of healthcare has led to widespread use of electronic medical records and other types 

of ecomedical data, enhancing patient care but posing significant privacy and security concerns. 

This paper explores the intersection of computer science and ecomedical data privacy and security 

and more in Let us review in particular the methods of privacy protection and consider their 

effectiveness and limitations. The paper also examines security measures including access, secure 

mass computing and blockchain technology. Despite these advances, issues such as computing 

costs and the need for real-time data processing still pose challenges. Future research directions 

include optimizing privacy algorithms, integrating artificial intelligence for proactive security, and 

developing scalable blockchain solutions. This review highlights the critical role of computer 

science in safeguarding ecomedical data and outlines potential pathways for enhancing privacy 

and security in the evolving digital healthcare landscape. 
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Abstract 

 

Sustainable tourism is increasingly recognized as a key element in promoting environmental policy 

and protecting public health. This paper explores the intersection of sustainable tourism and public 

health by focusing on the role of biomedicine in protecting tourists and local communities. Bio-

medical uses principles form along with medical practices to address the health effects of 

environmental changes and tourism activities. This study highlights bio-medical reduction through 

tourist-related risks, such as communicable diseases, environmental degradation and mental health 

challenges. The paper also includes best practices for implementation of biomedical approaches to 

tourism management, and emphasizes the importance of intersectoral collaboration and 

community involvement. Finally, it advocates a holistic approach to tourism that prioritizes health 

and sustainability, ensuring that tourism benefits are distributed equitably while minimizing 

negative impacts on the environment and on public health. 
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Abstract 

 

Machine learning (ML) has rapidly advanced in public health monitoring, driving innovations and 

improvements in disease prediction, personalized medicine, and real-time monitoring. This review 

presents ML strategies like interpretability of AI, federated learning, and integration with genomic 

data among others, while outlining their use and effects on public health. Nevertheless, there are 

still some challenges before model interpretability, privacy concerns as well as data quality. It 

focuses on suggesting further research steps that would be aimed at addressing these issues which 

include improving data integration approaches, models that respect individual privacy rights, and 

generalized models. To guide the development of more efficient health policy solutions for all 

people regardless of their social standing or origin of birth, the main aim of this extensive 

investigation is to underscore future trajectories as well as present patterns concerning the 

utilization of emerging machine learning techniques in public health by providing insights of 

current trends. 
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